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Introduction and background
e Dementia is a significant health challenge for the elderly population.
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e Early detection of dementia is difficult and lacks appropriate diagnostic tools — an accessible tool for tracking memory condition needed

e The Famous Faces Test (FFT) is a potential tool for dementia detection. It involves naming photos of famous people and recalling their names
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e Optimal items derived by aggregating models and selecting items with probability scores around some threshold. used In this research.
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e Visualisation of cluster informativeness with correlated features e The results and performance metrics should be viewed
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o Existence of meaningful biclusters indicates individual differences. faces, accuracy is around 90% for recall.
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Model "in action”
e An example prediction of a set of 10 faces that a person is the most likely to name correctly.
e Participant (from the test set): a 65-year-old woman, interested in music and, moderately, politics, but not in soccer or cycling.

e Qutput: 10 faces - in reality, she indeed recalled all of their names correctly. . e s
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Limitations Conclusion and practical implications

e Small sample size. e There are individual differences in FFT performance and individualised FFT sets can be generated.

e Data from a specific population. o Adaptive tools for early dementia detection with adjustable difficulty and interest matching on the

» Need for further verification in different countries. individual level can benefit patients and practitioners.

 Crucial next steps: testing on early stage dementia e Biclustering visualisation and probability estimates enhance the solution's interpretability.

patients, consultation with experts and practitioners. e Adding bicluster membership information can improve classification results of probabilistic classifiers.
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